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THEOREM 8 (adapted from Devroye, Gyérfi and Lugosi, 1996, Theorem 12.6):Given v, {x;, ¢} ,
v ¢ ands A,nd efined above, and given n pointsx 1,...,X, € R?, let ®' denote that sub-

set of ® such that all ¢ € ¥ satisfy ¢x; € {F Y =x;. (This restriction may be viewed as
part of the training algorithm). Then for any such ¢,
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