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PARTITIONING FOR GRAPH ANALYTICS VISUALIZATION OF PULP: PARTITIONING USING LABEL PROPAGATION

Partitioning large-scale real-world graphs for paral-
lel analysis is challenging. We ideally want a parti-
tion that satisfies the following:
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e Balanced number of vertices and edges per
partition to evenly distribute computation
among tasks.

e Small maximal per-part edge cut to balance
communication requirements among tasks.

e Small total edge cut to minimize total commu-

nication requirements. 1.) Randomly initialize the partition. 2.) Perform label propagation to 3.) Balance the partition for vertices  4.) Further balance the partition for
Solid lines indicate cut edges and create clusters and minimize edge while additionally refining to edges and minimize maximal
e Iast partitioning with minimal memory and dotted lines indicate intra-part edges. cut. minimize edge cut. per-part edge cut.
Computational overhead. Network shown is the Infectious network dataset from KONECT (http://konect.uni-koblenz.de/)
PULP. PULP-M, PULP-MM RESULTS: SUPERIOR SCALABILITY AND PERFORMANCE COMPARED TO MULTILEVEL PARTITIONERS
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1-level schemes.
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